Optimizing UAV-Assisted Mobile Edge Computing:
Key Approaches and Challenges in 5G and loT
Networks

Introduction

In this presentation, | will summarize key advancements in UAV-assisted mobile edge
computing (MEC) systems, focusing on their applications in 5G, loT, and network
optimization. The table we'll explore provides a comparative analysis of 16 selected
research papers, highlighting the optimization parameters, tools used, limitations, and

complexity involved. These papers focus on critical aspects like task offloading,

trajectory design, energy efficiency, and load balancing for UAV-enabled MEC systems.
Understanding these solutions can help us address current challenges in UAV-MEC

integration, optimizing both computational efficiency and network performance.
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Conclusion

In conclusion, UAV-assisted mobile edge computing offers tremendous potential for optimizing
network performance, especially in 5G and loT ecosystems. The research papers we've
reviewed highlight innovative solutions for offloading computation, optimizing energy usage, and
improving task scheduling and trajectory design. However, challenges remain, particularly in
balancing scalability, complexity, and real-time efficiency in multi-UAV systems. The ongoing
advancements in reinforcement learning, optimization algorithms, and collaborative approaches
are promising, but real-world testing and scalable implementation will be critical for future
success in UAV-enabled MEC systems.



